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Appendix A

An Inventory of Continuous
Distributions

A.1 Introduction

The incomplete gamma function is given by

1 T
D(a;z) = ] / t*le7tdt, a>0, x>0
0

(o)

with I'(a) = / t*te7tdt, a>0.
0

Also, define
G(ayz) = / t*~le7tdt, x>0.

At times we will need this integral for nonpositive values of a. Integration by parts produces the relationship

o ,—T
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G(ayz) = — —&-lG(a—&—l;x)
a

e
This can be repeated until the first argument of G is a + k, a positive number. Then it can be evaluated
from

Gla+k;z) =T(a+k)[1 —T(a+k;x).

The incomplete beta function is given by

I'(a+0)

6a,b;x:7/ta_11—tb_1dt, a>0,b>0 0<z<1.
@00 = ar fy Y



APPENDIX A. AN INVENTORY OF CONTINUOUS DISTRIBUTIONS

A.2 Transformed beta family

A.2.2 Three-parameter distributions

A.2.2.1 Generalized Pareto (beta of the second kind)—a, 0,7
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A.2.2.2 Burr (Burr Type XII, Singh-Maddala)—a, 6,~
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A.2.3 Two-parameter distributions

A.2.3.1 Pareto (Pareto Type II, Lomax)—«, 0
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A.2.3.3 Loglogistic (Fisk)—,6
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A.2.3.4 Paralogistic—c«, 6

This is a Burr distribution with v = a.

_ a?(z/6) R
A N R e
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A.2.3.5 Inverse paralogistic—r,6

This is an inverse Burr distribution with v = 7.

)i R (T
1@ = TaraeT Flz) =, T+ (2/0)7
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A.3 Transformed gamma family

A.3.2 Two-parameter distributions
A.3.2.1 Gamma—«qa,0
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A.3.2.2 Inverse gamma (Vinci)—a,0
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A.3.3 One-parameter distributions

A.3.3.1 Exponential—6

mode =

A.3.3.2 Inverse exponential—6@
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mode 0/2
A.5 Other distributions
A.5.1.1 Lognormal—pu,0 (1 can be negative)
f) = exp(—22/2) = 0(2)(ow), ==L
ToV2m o
E[X*] = exp(ku+ k*c%/2)
E[(X Az)*] = exp(kp+ k0> /2)@(%) + 2*[1 — F(2)]
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A.5.1.2 Inverse Gaussian—iy, 6

9 \'/? 022 T— i
flz) = (27@3) eXP<—%)7 z

Il =

o < o @[] oo
M(t) = exp l% (1_ 1_2t:2>]7 t<2;ft27 E[X]=p, Var[X]=p%/0
EXAz] = z—pz® [Z <g)1/2] — pyexp <%6) P l—y (g)lﬂl

A.5.1.3 log-t—r,u,0 (u can be negative)

Let Y have a t distribution with r degrees of freedom. Then X = exp(cY + p) has the log-t distribution.
Positive moments do not exist for this distribution. Just as the t distribution has a heavier tail than the
normal distribution, this distribution has a heavier tail than the lognormal distribution.

()

f(z) ; L e —\? r1)/2°
zoy/mrl (5) [1 + - < = > ]
Inx —p . e .
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1 r 1 r
- - - > el
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o
A.5.1.4 Single-parameter Pareto—«, 0
af” o
fl@) = s x>0 Flz)=1-(8/2)*, x>0
6(1 —p)~ 1/
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Note: Although there appears to be two parameters, only « is a true parameter. The value of § must be
set in advance.
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A.6 Distributions with finite support

For these two distributions, the scale parameter 6 is assumed known.

A.6.1.1 Generalized beta—

a,b,0, T
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Appendix B

An Inventory of Discrete
Distributions

B.1 Introduction

The 16 models fall into three classes. The divisions are based on the algorithm by which the probabilities are
computed. For some of the more familiar distributions these formulas will look different from the ones you
may have learned, but they produce the same probabilities. After each name, the parameters are given. All
parameters are positive unless otherwise indicated. In all cases, pj is the probability of observing k losses.

For finding moments, the most convenient form is to give the factorial moments. The jth factorial
moment is ;) = E[N(N —1)--- (N —j + 1)]. We have E[N] = p(yy and Var(N) = ) + p1(1) — ,u%l).

The estimators which are presented are not intended to be useful estimators but rather for providing
starting values for maximizing the likelihood (or other) function. For determining starting values, the
following quantities are used [where ny is the observed frequency at k (if, for the last entry, nj represents
the number of observations at k or more, assume it was at exactly k) and n is the sample size]:

') 1 0o

k; ~2 — 2 _ AQ.
> kng, 6 - > kg — fi
k=1 k=1

When the method of moments is used to determine the starting value, a circumflex (e.g., 5\) is used. For
any other method, a tilde (e.g., 5\) is used. When the starting value formulas do not provide admissible
parameter values, a truly crude guess is to set the product of all A and § parameters equal to the sample
mean and set all other parameters equal to 1. If there are two A and/or 8 parameters, an easy choice is to
set each to the square root of the sample mean.

The last item presented is the probability generating function,

S

ﬂ:

P(z) = B[zN].
B.2 The (a,b,0) class
B.2.1.1 Poisson—\
e~ M\E
bPo = 6_>\a (LZO, b=\ Pk k!
E[N] = X\, Var[N]=\ P(z) = D



APPENDIX B. AN INVENTORY OF DISCRETE DISTRIBUTIONS 10

B.2.1.2 Geometric—_

= 1 a= B b=0 —7Bk
o= 133 “Tixp 77 N
E[N] = B, Var[N]=p(1+p) P(z)=[1-B(z—1)] "

This is a special case of the negative binomial with r = 1.

B.2.1.3 Binomial—¢g,m, (0 < ¢ < 1, m an integer)

q b_(m+1)q

Po = (1—Q)ma a':_l_qa - 1_q

P = (’Z)q’f(l—q)m—ﬁ k=0,1,...,m

E[N] = mgq, Var[N]=mgq(l-q) P(z) =[1+q(z—1)]™.

B.2.1.4 Negative binomial—g3,r
o= (07 am o p- 2P
(e 1) (r k- )B*
P = kKI(1+ B)r+F
E[N] = B, Var[N]=r3(1+p) P(z)=[1-p(z-1)]".

B.3 The (a,b,1) class

To distinguish this class from the (a,b,0) class, the probabilities are denoted Pr(N = k) = pM or Pr(N =
k) = pz depending on which subclass is being represented. For this class, p}! is arbitrary (that is, it is a
parameter) and then p}? or p{ is a specified function of the parameters a and b. Subsequent probabilities are
obtained recursively as in the (a, b, 0) class: pkM = (a+ b/k)pkM_l, k=2,3,..., with the same recursion for pf
There are two sub-classes of this class. When discussing their members, we often refer to the “corresponding”
member of the (a,b,0) class. This refers to the member of that class with the same values for a and b. The
notation py will continue to be used for probabilities for the corresponding (a, b, 0) distribution.

B.3.1 The zero-truncated subclass

The members of this class have pI’ = 0 and therefore it need not be estimated. These distributions should
only be used when a value of zero is impossible. The first factorial moment is 1) = (a+b)/[(1 —a)(1 —po)],
where pg is the value for the corresponding member of the (a,b,0) class. For the logarithmic distribution
(which has no corresponding member), pay =8 /In(1+3). Higher factorial moments are obtained recursively
with the same formula as with the (a, b, 0) class. The variance is (a+b)[1— (a+b+1)po]/[(1—a)(1—po)]?.For
those members of the subclass which have corresponding (a, b, 0) distributions, p;‘f =pr/(1 —pp).
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B.3.1.1 Zero-truncated Poisson—N\

A
T = p— —
P = a1 a=0, b=\,
Ak
T _
Pe = e -1
EIN] = M —e?), Var[N]=A[1-\+1De/(1—e?)?
A= In(nj/m),
er — 1
PG = er—1"

B.3.1.2 Zero-truncated geometric—s

_ 1 __b _
pi = 115 a—m, b=0,
_ Bk—l
e
E[N] = 1+p8, Var[N]=pg(1+5),
Bo= -1
-1 1

1-(1+p)"1

This is a special case of the zero-truncated negative binomial with r = 1.

B.3.1.3 Logarithmic—g§

- 5 B, __ B
L e M B Mk
T g*
Pe = k@ B (i )’
BV = 8/m(1+8), V] = 2RO
B = My o 2('&71)’
n1 it
_ W1
PO = TR

This is a limiting case of the zero-truncated negative binomial as  — 0.

11
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B.3.1.4 Zero-truncated binomial—q,m, (0 < ¢ < 1, m an integer)

m(l—q)" g q _ (m+1)g
A =i ey
_ da-—gm*
p% = klf(l—q)m , k=1,2,...,m,
mq
_ omg[l—q) =1 —g+mg)(1—q)"]
varlh] = i-(-oP /
i
q - m7
_ 4D -0 g™
Pz I—(1—gm
B.3.1.5 Zero-truncated negative binomial—g,r, (r > —1,r # 0)
To_ B __b _(r=18
o= Oxpi—a+p ‘T 148 b= 1487
o r(r+1)~~~(r+k1)< B )’“
Pe = K1+ B) — 1] 1+4)
_ B
BN = e
_ Bl +B) -1 +B8+rB)(+8)7"]
Var[N] = - (+h) 2 )
- _2 o s
ﬂ - [L ] r_é'2—ﬂ7
=BT -Q0+p)""
Pla) = 1—(1+p8)" '

This distribution is sometimes called the extended truncated negative binomial distribution because the
parameter r can extend below 0.

B.3.2 The zero-modified subclass

A zero-modified distribution is created by starting with a truncated distribution and then placing an arbitrary
amount of probability at zero. This probability, p)!, is a parameter. The remaining probabilities are
adjusted accordingly. Values of pﬂ/f can be determined from the corresponding zero-truncated distribution
as pi = (1 —pd")pl or from the corresponding (a, b,0) distribution as p} = (1 —pd?)py/(1 —po). The same
recursion used for the zero-truncated subclass applies.

The mean is 1 — p}! times the mean for the corresponding zero-truncated distribution. The variance is
1—pd! times the zero-truncated variance plus p}! (1 —p)?) times the square of the zero-truncated mean. The
probability generating function is PM(z) = p}! + (1 — p}!)P(z), where P(z) is the probability generating
function for the corresponding zero-truncated distribution.

The maximum likelihood estimator of p}! is always the sample relative frequency at 0.





